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We estimate the complexity
of molecules directly from
data that spacecrafts can

obtain in the field.

Proudly presented at the “Machine
Learning and the Physical Sciences”

workshop at NeurIPS 2022.

This work was done during an 8-week research
sprint as part of the FDL 2022 challenge on
astrobiology in partnership with NASA.

Results: Distribution of (relative) prediction error on our test set.4ML workflow: Pipeline frommass spectra to complexity.3

Mass spectrometry (MS): How to identify molecules in the field.2Aim: Connect molecular complexity metrics to experimental data.1
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MS instrumentation will head to Titan aboard of
Dragonfly in the 2030s. Credit: NASA/APL.
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Key hypothesis:

»Only life is able to create complex
molecules in larger quantities.«

See Marshall et al. (2022) and Sharma et al. (2022)


